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processing, model training, and deployment in Al large models is necessitating effective evaluation to facilitate quanti-

tative comparisons before and after model optimization. An assessment method for the energy consumption of Al

large models was introduced, aimed at quantitatively evaluating the service efficiency (E) of Al models. This model

was incorporated with multiple dimensions such as training convergence time (T), model parameter size (P), and

floating-point operations (F), and quantitative analysis was achieved through the construction of an energy consump-

tion function C(T, P, F). Furthermore, by employing the nonlinear least squares method, model parameters were de-

rived. This analysis method was not only applicable to the operational efficiency analysis of AI models used by tele-

communications operators but can also be generalized for energy consumption assessment of AI models across vari-

ous industries.

Key words: green Al intelligent customer service, energy efficiency assessment, LLM
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